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Experiments

• Nexmark Benchmark 

• Evaluation:


• Backends: Rust vs. Java-Flink


• Optimisations: Enabled vs. Disabled


• Setup: Single node, single thread, synthetic data, 5M events


• The results we show is after removing the I/O cost
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Experiment 2: Window Aggregation (Sliding, Count-Based)
Evaluation of Windows vs. Incremental Windows (stddev aggregator)
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(Big orders of magnitude)
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• Performance hacks

• Close coupling

￼27



Conclusion and Future Work

￼28



Conclusion and Future Work
• Conclusions: 
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Thank you

(More to be shown in the poster session.)
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